International Journal of Engineering Research & Technology (1JERT)
ISSN: 2278-0181

Vol. 4 Issue 04, April-2015

Using Natural Language Processing for Detection
of Events and Spam Control from user Data
Stream in Social Sites

Roshani M. Shete
Department of Computer Engineering
Bapurao Deshmukh College of Engineering
Wardha, India

Abstract - Detecting trending topics is perfect to
summarize information getting from social media. To extract
what topic is becoming hot on online media is one of the
challenges. As we considering social media so social services
are opportunity for spamming which greatly affect on value of
real time search. Therefore the next task is to control
spamming from social networking sites. For completing these
challenges different concepts of data mining will be used. For
now whatever work has been done is narrated below like
spam control wusing natural language processing for
preprocessing and clustering. One account has been created
for making it real.
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I. INTRODUCTION

As we know day by day popularity of online media is
increasing. Communications and interactions using texts,
posts, comments and chats always reflect on dynamics and
real time event, which means the importance of
information, is increasing dramatically. Now a day’s exact
and accurate sensor of real time events is none other than
social networking sites content. The pervasiveness is
expanding of online media. Public base on online media
gets more active in producing stuff on real world events.

More than 170 million people are using online media to
be connected to their friends, co-worker and family
members. There are so many topics, subjects, events, jokes,
news discussed by people on it. To know which topic is hot
on the social media and why, there is need to invent a
system. As few events get more attention whether some get
less.

So for producing this in real time, there is need of
collection of user generated data on social networking sites.
There are two approaches in the proposed work, identifying
current and control spamming.

The first step is preprocessing which is important for
mining the data or filtering the data. The work of
preprocessing has been done. Then the spam control has
been done. Spam control is the part of feature extraction.
Here used the bisecting K-means clustering algorithm,
because clustering is an important step for quality results.
So nothing but natural language processing (NLP)
technique has been used for preprocessing, clustering etc.
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For applying all the implementation, one account has been
created.

Access of structured information which is seen in
databases and unstructured information which is seen in
documents or unstructured fields of texts both benefits to
information processing applications. So, access of such
texts information, also having the benefits of linguistic
analysis of text, as contrary of shallower “word basis”
analysis. As there are lots of methods, techniques that can
be tested on natural language texts, its effect in the amount
of search in the natural language processing fields [2].

Next work is identification of current events which is in
the processing, it will be completed soon. For that also
NLP and machine learning (ML) concepts will be used.

Il. RELATED WORK

Topic Detection and Tracking extract event from public
generated data on social sources and identify the trend in
term of time [4]. In this the public generated data means
posts uploaded by them.

In clustering of all the data streams on social media there
are two type of methods one cluster by document or cluster
by feature. The first is document pivot and the other is
feature pivot method. Both approaches are presented by
authors differently in previous work. So these two used
methods and their work explained below.

Feature pivot method means the term or keyword will be
considered while clustering but the drawback of that is it
capture misleading term. For example if anyone wants to
search like “definition of class”, it will shows extra result
like subclass, superclass etc. So the accuracy of result is
very less, also redundancy and ambiguity gets formed in
this.

M. Cataldi, C. Schifanella and L. Di Caro [5] proposed
two measures, term frequency to calculate nutrition for
each word and a page rank measure. After that Bursty
keywords are obtained using nutrition trend. Then by using
graph based approach for bursty keywords generates the
topic boundary. Sayyadi, Maykov and Hurst [6] used graph
approach in which clustering of keywords is done by
matching pairs. They used community detection algorithm
in which made a graph whose nodes are clustered. Also the
topic extraction is carried out by identifying document with
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similar term. Lehmann, Kleinberg and Backstorm [7] have
used the graph for short phrases. Phrases are connected by
edges.

One of the method modeled called Latent Dirichlet
Allocation (LDA) [8], the idea of knowing the most
breaking news by calculating the bursty terms in document
[9]. This avoids the other topics by capturing the high peak
[10]. So first find bursty term then cluster them for event
detection. In some graph based approach, the first step is to
tag the terms, then group it and then find the interest in
social media [11].

I1l. BLOCK DIAGRAM

In proposed work, address the task of detecting topics in
real time from social media streams. To keep our approach
general, consider the stream is made of pieces of text
generated by social media users i.e. posts, messages, or
tweets of social media. The flow of proposed work will be
phase-1 for user data stream, phase-2 for preprocessing
using NLP, phase-3 for spam control and phase-4 for
identification of events.

[ Lexical Analysns ]
User > Remove
Comme- slang words
-nts [ Remove stop words ]
Phase-1 Remove
[ Remove Punctuation ] repeated
comments
[ Remove Symbols ]
Phase-3
Phase-2
v

.
Topic Allocation

v

Topic Detection

Frequent pattern

S

e )

Topic Trend

Phase-4

Fig. 1. Flow of Work

IV. IMPLEMENTATION

Analysis of unstructured textual data and automatic
processing with the natural language processing always
deal with. One of the sides of natural language processing
based on statistical techniques and methods, typically
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contains the processing of words appeared in texts.
Leveraging knowledge resources like taxonomies,
linguistic rule bases and ontologism, and then rule based
methods get used other approaches. Bag of training
materials are required for statistical human language
processing, by which desirable and undesirable
dependencies and  relationships are  exemplifies.
Subsequent changes then needs some extent of system
retraining. Rule based methods need knowledge from
online dictionaries and linguistic theories instead of getting
training material. May be natural language processing
make use of these methods and to decide which method or
technique to use always depends on availability of external
resources, training materials [12].

A. Preprocessing

Preprocessing contains filtering of data. Natural
language processing concepts are used for preprocessing of
data.

1) Lexical analysis: The lexical analyzer covert
sentences into words then words convert into characters.

2) Elimination of punctuations: Remove
punctuations like comma, full stop etc.

3) Elimination of symbols: Remove symbols like @,
# etc.

4) Elimination of stop words: Remove words like in,
of, the, is, and, for etc.

B. Account

For showing the results an account is designed. In which
master page as Login Panel is created with options like
Registration Form, Login, Email id, Password etc.

First to access the account user need to create id using
registration form where there is need to fill the information
like city, country, mobile number, id, password etc. This
information will save into the database. After that whatever
entries available in the database, only to them user can add
as friend. Now user can post, comment in it. Everything
will be saved into database.

C. Feature Extraction

Feature extraction is wused for reduction of
dimensionality. Before classification there is need of
reduction of feature space. Now spam control is also
nothing but a feature reduction task. Therefore, slang word
reduction is done for the spam control.

For spam control, dictionary of slang words is created.
So, whenever user use any slang word in the post or
comment that word matches with the words available in the
dictionary and it replaces with the stars (****).

For example if user posted something and his/her friend
commented “you dog”, so this comment will be replaced
by “you ****” Because the word dog is slang word and it
is defined in the dictionary.

So, some of the feature extraction is done with reduction
of slang words.
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In extracting the data from document there are problems
like ambiguity in result, redundancy so the process get
annoying and time consuming.

D. Categorization of events

This is the first part of event detection where event will
be detected by field wise. It means whether the given
comment related to bollywood, politics, sports, education
or business.

If comment does not exist in anyone of it, then it will be
shown in ‘other’. First the dictionaries of bollywood related
words, business related words, and politics related words
are created. So the process is that, each comment/post will
be split word by word. Then each word will be compared
with the dictionary words. Then if any word of
comment/post is match with one of dictionary after that
comment\post will be shown in the respective field.

V. RESULTS AND DISCUSSIONS

In implementation one account is created with login and
registration form so below snapshot is master page,
This is the master page with registration form and login,

Registration Form

Login Panel

LoGIN ©

Fig. 2. Master page

This is the registration form where user need to fill their
information for profile,

Registration v

Register Here

Save

Fig. 3.Registration form
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This is dataset of information of users who registered for
profile,

er Tools Architecture Test Analyze Windaw Help
| 2 | FE e BB O @@ B G He G

i e dob mobile_no status
o = ehta Mal e 111 10/8/188812:00... 5478541012 1
12 abhijeet Kamble Male 6. i1 5/19/199112:00,.. 1234567888 1
15 patka Female € 111 1/12/19851200,,. 8745787874 1
14 tushar paunikar Male BT 6/1/1986 1200;,, 8745674587 1
16 golu Kamat Mele 1w 1/10/19681200... 7845784512 1
1 Vivek Dighe Male NS 1/1/1988 1200:.. STAS874587 1
18 Monali Kakde Female il 12315678 1/5/1990 12:00:... 9370207875 1
19 riya 8 Female 0000000 4/1/198512.00,... 5678396764 1
xyz 7 Male 9976543 1/1/198512.00,... 1234567890 1
2 Roshani Shete Female 99839988 6/7/199112.00;... 2314267490 1
22 neha salwe Female neha@yahao.c.. 6666666 1171991 12:00;,. 4563789247 1
nidhi dhote Female nidhi@gmaile.. 5555955 8/5/1991 12001, 7286465197 1
priya Pawade Female niki@gmail.com 2222222 11/11/1991120,.. 2067537480 1

Fig. 4. Registration data
Here, user need to type ID and Password for login,

Login Panel

EmailiD  roshshete@yahoo.com

LOGIN ©

Fig. 5. Login with created ID
This is the created profile page,

Home v Profile ~ Friends v Data Mining v Graphs v

My Profile

Weicome , Roshani Shete

Fig. 6. Profile

These are comments and posts of user and their friends,
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Fig. 7. Comments/Posts
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This is example where slang word replaced by ****

Ul Ul e
Female

Xy
¥

Post Your Comment
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Fig. 8. Example

This is slang word dictionary,

:b social_networking (Runniﬁg) -Mm

File Edit View Project Build Debug Te
R T R
Pl ] ) = ChengeTypew | ¢ me | (€

scrap_words: Qu...NETWORKINGS.MDF) X
| scrap

» |=m
nalayks
murkha
haramkhor
bhadya
gadhya
bhosdike
harami
kamine
kutti
dog
haramkhor
bitch
Jerk
moron
stupid
kutta
kamine

idiot

Fig. 9. Dictionary
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This is the mining of events, field wise detection of
event. Here, comments are classified as per the fields.

Data Mining

Fig. 10. Categorization of events

V1. CONCLUSION

The main aspects of the proposed work are to detect the
current topics of real world and to control the spamming
created by spammer. Preprocessing process is done. One
account is created for showing results. Also feature
extraction is the part of spam control has done. Then, one
part of event detection i.e. classify events field wise is
done. So the next work is to implement current event
detection i.e. second part of event detection in the same
created account.
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